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Bottom-up approach Virtual infection model
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o Strategy for parameter estimation with different mathematical

e C. albicans and immune cells exist in different states
models [2]

e The state of one cell is updated according to the
transitions of the model via a stochastic process

 Transition rates are determined by the global
optimization method simulated annealing

state-based model

e Models with increasing level of complexity build on one another

e The output on one level is used for the calibration of the models
at a higher level
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