Automatic Analysis of Fungal-Infected Tissue using Deep Learning
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1. Experimental setup
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2. Optical image segmentation

Deep Learning of Convolutional Neural Networks (CNN)
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3. Interface for optical image — MALDI image
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4. Classification of MALDI-imaging
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5. Conclusions

* Deep learning of neural networks allows to identify fungal-infected tissue
* Novel approach for the registration of optical tissue image and MALDI image
* Machine learning models allow to associate fungal-infected tissue with MS-spectra
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