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1. Circulating Tumor Cells
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4. Interobserver variability
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3. CTC classification
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5. Label noise effects
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+ Always test on GT
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6. Consensus
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7. Conclusions

o Compuber visssn mathods am exiremaly el for CTC dantificabon

« Clagsificabon i= presdaminanty miied by data guahity

+ EVM-REF is sengitve 1o label noise duing raining

+ RF is robust agains! labal noise during training

+ Ewvaluaie classifors agains! consensus  data if possibla



