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Why do microscopes ,,ruin” images?
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By knowing the PEF, we can partially reverse the optical aberrations and approximate the Jideal™ image
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We compared several of the edsting methods to find the best tool and paramaeters. [1]
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A "perfect image® s thus impossible -

Using msaiandd images and PSE, thi image param ot of § feed Lo b axtrscted Tor U PSF caloulations
Measured PSFs prowide higher fidelity deconsolutions and optimized images

Thee measured PSF vanies with tesue depth due o higher g ht scatterning

The accuracy of deconvolutlon can be compared amongst warious tools 3nd parameter setings. 1]
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How does deconvolution rescue images? How to find the best deconvolution method and parameters?
Deconvelution perameters for synthatic cells
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| e e | = Proprietary, fres and open-source systems are readily avadable for decomvalution
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# The acouracy of the deconvolution is compared amongst the various methods and parameter settings. [1]
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Deconvalution systerms
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How to classify cells based on their 3D shape changes during migration and immune reactions?
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