Mcat: a multispectral cluster analysis toolkit for deep learning-based
segmentation and clinical biomarker quantification of MSOT data
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Multispectral Optoacoustic Tomography and Limitations of Current Analysis Approaches
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» pairwise Dice score shows high concordance of DL-based segmentation with experts
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signal-oriented approach
> incontrast to tissue-oriented analysis we find significant difference between groups
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o pixel-wise clustering with k-means
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